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An optimally designed of batch-storage network that uses a periodic square wave
model provides analytical lot-sizing equations for a complex supply chain network
characterized as a multisupplier, multiproduct, multi-stage, nonserial, multicustomer,
cyclic system, with recycling or remanufacturing. The network structure includes multi-
ple currency flows and material flows. The processes involve multiple feedstock and
product materials with fixed compositions that are highly suitable for production proc-
esses. Transportation processes that carry multiple materials of unknown composition
are included in this study, and the time frame is varied from a single infinite period to
multiple finite periods to accommodate nonperiodic parameter variations. The objec-
tive function in the optimization is chosen to minimize the difference between the op-
portunity costs of currency/material inventories and stockholder benefits given in the
numeraire currency. Expressions for the Kuhn-Tucker conditions for the optimization
problem are reduced to a multiperiod subproblem describing the average flow rates
and the analytical lot-sizing equations. The multiperiod lot-sizing equations are shown
to differ from their single-period counterparts. The multiperiod subproblem yields a
multiperiod planning model that has many advantages over existing planning models.
For example, it contains terms that represent operation frequency dependent costs.
Realistically sized numerical examples that deal with multinational corporations are
formulated and tested. The effects of corporate income taxes, interest rates, and
exchange rates are presented. © 2011 American Institute of Chemical Engineers AIChE J,
57: 2821-2840, 2011
Keywords: optimal lot-size, process-inventory network, multiperiod planning model,
transportation processes, multinational corporation

Introduction

A supply chain structure can be approximated as a batch-stor-
age network (BSN). BSN can account for most supply chain
components, for example the purchase of raw materials, produc-
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tion, transportation, and demand for the finished product. The
periodic square wave (PSW) model has been used successfully to
find analytical solutions for a variety of supply chain systems,
including a parallel system with batch processes and storage
units,' a sequential multistage BSN Za nonsequential BSN
including recycling streams,” a BSN supported by financial trans-
actions and cash flows,*” multitasking semi-continuous processes
in a BSN,® a BSN that considers uncertainty and waste streams,”
a multisite BSN,” and a BSN that includes the effects of exchange
rates and taxes on a multinational corporation (MNC).>'
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This study contributes to the optimal design of BSNs in
three ways. First, a basic assumption of the PSW model is
that all operations are periodic. However, this assumption
must be violated in the long term, because the annual
demand rates for petrochemical products, for example, are
generally increasing. A possible remedy is to introduce a
multiperiod formulation into the PSW model. In this study,
we introduce a multiperiod formulation into a PSW model
that considers financial flows, and we demonstrate that the
resulting lot-sizing equations differ from those derived using
a single-period formulation. Second, the processes in the
BSNs are designed to represent the production processes and
the class of transportation processes that carry a single prod-
uct. However, real world transportation processes can carry
multiple products in multiple parcels at the same time, and it
usually makes impossible to disaggregate input data by prod-
uct. To cope with this situation, we introduce transportation
processes that can carry multiple products in multiple parcels
into the BSN structure. Third, we provide a strategic or tacti-
cal planning model based on the BSN and its special solu-
tion methods. The planning model based on the BSN has
large numbers of binary variables and nonconvex nonsepar-
able terms in the MINLP formulation. We use separable pro-
gramming techniques to convert the MINLP into MILP that
can be solvable with powerful commercial solvers.

Planning models have been used in the petrochemical
industry since the 1950s and are often cited as a major tri-
umph for applied mathematical programming.!' Planning
models are classified by timescale as strategic planning, tac-
tical planning, or operations planning, and by application
area as production planning or distribution planning. A pro-
duction planning model helps the user to economically pur-
chase raw materials and suitably adjust process operation
levels in the near future, so that estimated finished product
demand profiles are met within a plant. The constraints on
the production planning model consist of material balance,
inventory replenishment, and the capacity limits of equip-
ment. Refinery plants have additional bilinear property con-
straints, which give rise to what is known as the pooling
problem.12

The structure of a distribution planning model is essen-
tially that of a transshipment problem.'> The distribution
planning model does not include the details of the processes
within an individual plant. Instead, it treats each plant as a
source of products, and plants located in different regions
are treated as multiple sources of products. The products of
source plants pass through several transshipment distribution
centers and travel to a variety of destination terminals. Prod-
ucts are transported by several vehicle types, such as pipe-
lines, ships, trains, and trucks. The constraints on the
distribution model consist of the material balance within
each facility, inventory replenishment equations and the
throughput capacities of the facilities and vehicles. Binary
variables are usually introduced to represent the opening and
closing of facilities. The primary benefit of a distribution
planning model is the reduction of transportation costs,
which can be achieved by selecting the best routes and
vehicles to meet regional product demands. Note that about
10 % of Shell’s revenue is spent on transportation costs."?
The distribution model also informs many strategic deci-
sions, such as choosing the best facility locations, market
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territories, establishing reasonable vehicle capacities, and
optimally negotiating product exchange.'*

When planning models were applied to real world applica-
tions, such as those described above, computer hardware and
MILP algorithms limited the practical size of models to a
few thousand equations, defined over both a few thousand
continuous variables and several hundred binary variables.
By contrast, planning models in current use can involve as
many as 370,500 equations, 400,666 continuous variables
and 175,500 binary variables.”” Note that the distinctions
between classes of planning models and between planning
and scheduling have been artificially determined based on
the size of problems that could be dealt with at that times.
Integrating the characteristics of several types of planning
model into a single model is, therefore, an obvious way to
enhance the benefits reaped through application of these
models.'®!” Current trends in the development of planning
models can be summarized as: (1) integration of strategic,
tactical, operations, production, and distribution planning
models; (2) inclusion of important scheduling constraints,
such as operation mode and timing; (3) usage of different
time frames for high and low frequency operations in the
multiperiod formulation; (4) inclusion of separable nonlinear
terms that can be linearized, such as quantity dependent pri-
ces; and (5) dealing with demand and price uncertainties
through stochastic programming.'® During the last half-cen-
tury, the size of optimization problems has increased signifi-
cantly thanks to rapid advances in computer hardware and
optimization algorithms. However, supply chain networks
have also grown in physical size and complexity over the
same period due to global economic growth, international
trade, the merging of similar enterprises, and the globaliza-
tion of enterprise business. For example, Dow Chemical
Company has 156 manufacturing sites in 37 countries, pro-
duces more than 3300 products and sells the products to the
customers in 175 countries.'” As a result, the current com-
puting capacity is insufficient for dealing with all relevant
issues within a single model, and there is still a demand for
efficient models that can cover most of the important issues.

The problem we are handling in this study is targeted to
develop a multiperiod planning model for a BSN. Note that
a BSN is well-suited to approximating a supply chain of
MNC.' The basic elements of the BSN are production/trans-
portation processes and material/currency storages. There-
fore, BSN can represent the features of planning model in
detail but is not enough to represent the features of schedul-
ing model in the supply chain application. The supply chain
system we are concerned in this study is composed of raw
material suppliers, production plants, transportation vehicles,
distribution centers, terminals, customers, and currency
accounts spread all over many nations. We count on both
material and financial flows with multiple currencies consid-
ering international financial factors such as currency
exchange rates, corporate income taxes, and interest rates.
The production plant is approximated by a complex network
of production processes and material storages. The produc-
tion processes consume multiple feedstock materials and pro-
duce multiple products. Materials are moved among produc-
tion plants, distribution centers, and terminals by transporta-
tion processes across nation borders. The transportation
processes have the capability of multiparcel and
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multiproduct delivery. Production plants, distribution centers,
terminals, transportation processes, and currency account is
owned by one of subsidiaries. Currencies are transferred
among subsidiaries to pay for transferred material price. An
MNC is composed of multiple subsidiaries spread all over
many nations. The planning model presented here has many
advantages over existing planning models described in the
Refs. 11-19. For instance, it provides optimal operation fre-
quencies without severe computational burden imposed by
ordinary planning models, which require many binary varia-
bles to accomplish the same task. It can easily treat the costs
that are dependent on operation frequency, such as setup
costs and inventory holding costs, which also require many
binary variables under ordinary planning models. Finally,
through application of a method described previously,®® the
model can significantly reduce the computational burden
required to analyze a variety of uncertainties. For the sake of
brevity, discussion of some important issues, such as multi-
tasking batch/semi-continuous processes and uncertainty,
shall be included in a future study. We will restrict the type
of production process to multiproduct batch processes. This
discussion has been restricted to deterministic models. Addi-
tionally, we do not consider stockout costs.

The remainder of this article is organized as follows. First,
the upper and lower bounds and the average batch material
flow between a material storage unit and a (production or
transportation) process are described using graphical meth-
ods. The upper and lower bounds and average batch cur-
rency flow between currency storage units are found by the
same method. The upper and lower bounds and the average
batch flow are used as constraints or terms, respectively, in
the objective function defined in the subsequent optimization
model. An optimization model that minimizes the difference
between the opportunity costs of currency/material invento-
ries and the benefit of stockholders in the numeraire cur-
rency is next introduced, and the analytical solutions to the
problem, under the Kuhn-Tucker conditions for this optimi-
zation model, are found. The solutions are composed of ana-
Iytical lot-sizing equations and a multiperiod planning model
that has nonlinear, nonconvex, separable, and nonseparable
terms in its constraints. The nonseparable terms in these con-
straints are replaced by adequate separable upper bound
terms, and the final model is fully linearized by separable
programming techniques. Finally, computational results that
highlight the advantages of the proposed approach are pre-
sented, followed by the conclusions of this work.

Definitions of Variables and Parameters

This study applies a BSN to the internationally distributed
production plants and logistic facilities of an MNC; we
briefly define the variables and some of the equations used
in this study below. T time periods are defined from 7 = 0
to T = T — 1, with time intervals V. 1t is not necessary
for all V' to be equal with respect to 7. As depicted in
Figure 1, a supply chain system that converts raw materials
into final products through multiple physicochemical proc-
essing steps and subsequently transports them to customers
is composed of a set of currency storage units (R, ellipse), a
set of material storage units (J, circle), a set of batch proc-
esses (I, square), and a set of transportation processes (N, tri-
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angle). Semi-continuous processes may be included in the
model with additional mathematical treatment.® Figure 2
shows the relationship between the sets of nations, subsidia-
ries, plants and processes. A nation may have multiple sub-
sidiaries, and a subsidiary may have multiple plants. A plant
includes its own production processes and material storage
units; if it is a distribution center, it includes only the latter.
Currency storage units and transportation processes are
owned not by the plant but by the subsidiary. The definition
of the currency set R is very important, and currencies in
different subsidiaries are considered to be distinct members
of the set, even if they are the same currency. For example,
US dollar units in the USA and in Korea are distinct cur-
rency set members; that is, the exact meaning of an element
of the set R is the “currency used in the subsidiary.”
Because multiple currencies can be used within a given sub-
sidiary, the maximum number of members in a set R is equal
to the product of the number of currencies and the number
of subsidiaries. Of course, many nations use only one cur-
rency, so a superscript 7 € R is used to denote both a nation
and a currency without loss of generality. Each production
process requires multiple feedstock materials of fixed com-
position (f/1™), and each production process roduces multi-
ple products with a fixed product yield (g’ ), as shown in
Figure 3a. If there are no material flows between a storage
unit and a production process unit, the corresponding feed-
stock composition or product yield is zero. Each transporta-
tion process moves multiple parcels packing multiple materi-
als of undetermined composition from storage units in a
source plant to storage units in a destination plant, as shown
in Figure 3b. The average material flow rate from storage j €
J to storage j/ € J via parcel p € P(n) in transportation pro-
cess n € N at time period 7 is denoted DZ,, ], where storage
units j and j/ store the same material. Note that transporta-
tion process n contains P(n) parcels. Each storage unit con-
tains one material, but the same material may be stored in
multiple storage units located at different plants. As shown
in Figure 4, each storage unit is associated with six types of
material movement: purchasing from suppliers (k € K())),
shipping to consumers (m € M(j)), feeding production proc-
esses, discharging from production processes, loading to
transportation processes and unloading from transportation
processes. The sets of suppliers K(j) and consumers M(j) are
storage dependent. The material flow from a process to a stor-
age unit (or from a storage unit to a process) is represented by
the PSW model, as shown in Figure 2¢c of Ref. 10. In the PSW
model, the material flow of a production process is repre-
sented in terms of four variables: batch size B , cycle time

, storage operation time fraction (SOTF) x }(orx [T]) and
startup time tl[ ](ort[ ]) The SOTF \x[f](orx ) is defined as
the time required for material movement to (or fromf the pro-
cess, divided by the cycle time. The startup time \rl[; (or {I;M)
is the first time at which the first batch is fed into (or dis-
charged from) the process. It is assumed that the operations
that feed feedstock into the process (or the operations that dis-
charge product from the process) occur simultaneously, and
that their SOTFs are the same. That is, the superscript j is not
necessar to discriminate between the related storage units in
x; (orx ) and tIH(or tl[ ]). The above definitions apply to a
parcel p in a transportation process 7, and the corres?ondmg
notations are By, @y, Xp(or x,,[,,}), and t,l,, or tn The
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Figure 1. Structure of batch-storage network.

material flow of purchased raw material 1s represented by the
order size B;C[ I cycle time ) 7 SoTF xff , and startup time
tj “. All SOTFs are cons1dered to be parameters, whereas the
other variables are the design variables used in this study. The
m{aterlal flow of the ﬁmshed product sales is represented by
Bj,,[f]7 u/mr],x’m ,and t/ i in the same way. The arbitrarily peri-
odic function of forecasted demand for the finished product is
represented by a sum of PSW functions with known values of

Transportation process
\

Bi’n ) m] x’ ,and /;,[,T].l The general form of the PSW func-

tions is deﬁned as follows:
+ min< 1, —res
w X w

PSW(t;D, w,?,x) = Dw {int[

(1
or
, , =7 ) 1 t—r
PSW (t;B,w,t,x):B[rnt[ } +m1n{1,—res{ ]H
10) X 1)
(2)

where D is the average flow rate, B is the batch size, @ is the cycle
time, ¢ is the startup time, x is the SOTF, ¢ is the current
time, int[z] is the greatest integer less than or equal to z,
and res[z] = z — int[z] Note that D = (‘% and PSW’
(t; g;MBl[T], 1[17 t; fo t)dt, where F (t) is given
in Figure 2c of Ref 10 Equatlon 1 is referred to the “first type™

of PSW function, and Eq. 2 to the ‘“second type” of PSW
function. The average flow rate is used in the first type, whereas
the batch size is used in the second type of PSW function. The
two types of PSW function are associated with different upper
and lower bounds and partial derivatives. Figure 3 of Ref. 10
shows the bounds on the second type of PSW function. Table 1 of
Ref. 10 lists the expressions for the average and the upper and
lower bounds of the first and second types of PSW functions,'®

where PSW < PSW < PSW, PSW’ < PSW’ < PSW/, PSW —
05 (Psw T Psw), and PSW' = 0.5 (PSW’ + Psw') .

Material storage

Figure 2. Relationship among sets.

[Color figure can be viewed in the online issue, which is available at wileyonlinelibrary.com.]
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Figure 3. Production and transportation processes.

(a) Batch production process and (b) transportation process.

Let D,[T] be the average material flow rate through the pro-

7 can be expressed as the batch size Bl[-r]

divided by the cycle time wl[r]. The average material flow
rates through the transportation process n, raw material pur-

chase from suppliers, and the shipping of the finished prod-

duction process i. D,[-

uct to the consumers are described by
D= Z‘,J‘ lD” 1, D’[T]7 and D)), respectively, where
[d Bl i
Dy =2, D = /[T , and D) = £

()J;,[f "

The purchasmg setup cost of the raw material j, paid in
currency r, is denoted by A"ﬁ[r (currency/order), the setup
cost of the productlon process i, paid in currency r, is
denoted by A (currency/batch) and the setup cost of the
parcel p in transportatlon process n, paid in currency r, is
denoted by A,,E,] (Currency/batch) The aggregated input data
can be given to Z‘ ! ‘A' »'. The annual inventory holding
cost for material storage Js pald in currency r, is denoted by
H/'Y (currency/L/year). Note that all material flows are
measured volumetrically for convenience. The inventory
holding cost is further segregated into the inventory operat-
ing cost (/"17) and the opportunity cost of inventory holding
(", that is, H'Y = p'ld 4] The operating cost

Supplier k

e

Figure 4. Input output streams of a storage unit.
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Table 1. Mathematical Representation of Currency Flows

PSW Flows
|| 1MG)] ) ]
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==
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CF16 —EU’ Vil

j=1

accompanies actual currency flow but the opportunity cost
does not. The operating cost is involved in both constraint and
objective function whereas the opportunity cost is involved in
only objective function. To obtain an analytical solution to
this optimization problem, the capital cost is assumed to be
proportional to the processing capacity. Suppose that @} g
(currency/L/year) is the annual capital cost per unit capacity
of the purchasing facility for the raw material j, paid in cur-
rency r, d, d (currency/L/year) is the annual capital cost per
unit capacity of production process i, paid in currency r, a;[r
(currency/L/year) is the annual capital cost per unit capacity
of transportation process n, paid in currency r, and 17 (cur-
rency/L/year) is the annual capital cost per unit capacity of
storage j, paid in currency r. In addition, assume that the raw
material cost is proportional to the quantity and purchase price
of raw material j from supplier k, paid in currency r is P’”
(currency/L). The sales price of the finished product j to con-
sumer m, paid in currency r, is P{n (currency/L).

Given that one production cycle in a production process is

composed of the feedstock feeding time Cxl[f]w,[t]), processing
Al Ny
A X)),

time ((1 ; and product discharge time

DOI 10.1002/aic 2825



(xl[f )& lm), the timing relationship between the startup time of
the feedstock streams and the startup time of the product
streams is

A=A i 3)

where At ( ) is an arbitrary functlon of the cycle time, batch
size, and SOFT, for example, o;”(1 —x"), and is usually
smaller than the cycle time. A similar equation holds for
transportation processes.

=1+ wlly ’[T +At () Vn,p,t

4
[1] /(7]

where 'y, and y np are parameters to define the loading and
unloading sequence in linear relationship with cycle time.
Az,[f!],() is usually constant and can be larger than the cycle
time. The overall material balance associated with the material
storage yields the following multiperiod material inventory
replenishment relationship:

=)+ o, o

|1 IK()| [MG)l

‘-)j[r Zgj[I [1] + Z D/ ZfJ[T]D[T] _ Z Dﬁ»[f]

IN| |P()| m 1P| 1]
> D - Z Z
n=l p=1 j#j n=l p=l j#i
Wit = il Wl =y e (5)

where w[7 is the material imbalance rate at time period 7, and
vl >0 is the multiperiod material inventory level at time
period t. The multiperiod inventory level is computed at
discrete time points and does not reflect the actual operation of
the various processes. The initial inventory in material storage j
at time period 7 is denoted by V71! (0), and the inventory held in
storage j in the time period 7 at time ¢ is denoted by VI (1) where
0 <r< Vil A material storage unit is connected to the
incoming flows from the suppliers and production/transporta-
tion processes, and the outgoing flows to the consumers and
production/transportation processes. The resulting inventory
holding function for a material storage unit is

K () )
Vj[r]( 1) = VJT] 0) + ZPSW (t; Dﬂc ,wif ,lj;f],xﬂ])
|7]

n Z PSW(f; gjl:[r]Dl[r]7 w[[r]7 t/l[_r] ’ x/l[_r])

1

- Z PSW 5 fj T]D[T IT 7\11[1] 7\XI[T])
)

— > " PSW(t; DI, ol ol 1)

yhm o Mm
m=1
IN| 1P(m)] 7]
=20 D PSW(DLT ol i)
n=1 p=1j#j
IN|_[P(a)] 1] i
+3 NS T PSW(n D ol 7 XY e (6)
n=1 p=1j#j
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To calculate the upper bound of the inventory holding, the
positive PSW(.) terms in Eq. 6 are replaced with PSW(.)
term and the negative terms in Eq. 6 are replaced with
PSW(.) term.'” The lower bound of the inventory holding is
calculated in vice versa. The functional shape of PSW(.) and
PSW(.) is given in Table 1 of Ref. 10. Equation 5 eliminates
many terms and the resulting equations are

[K()|

=/l +max{0 v }—i—Vv”]—&—Z D’[T
K ()l |11
- pf +Z (1—x' ol ng D/
k=1
111 } \M(/ IN] [P(m)] 1] ] g,
J1T T /T T
FAIDI S DD DD (1D
n=1 p=1j#j
IN| |P(n)| 1] IN| [P(n)] ]
S DEAT NS TN DI v (7)
n=1 p=1 j#j n=1 p=1 j#j

kG
Vf”:v’”erm{O Nidhvill }+W[T]—ZD§<M!’;F]

|7] |7]
_ng[T]Dl[flJ Z(l fJT]D CO +Zf][f
IM(/ V| IP )l 1
L S I W S
n=1 p=1 j'#j
INL [P(m)] 17] N[ [P(n)| 1]
=22 > (=il +> > > D Vi
n=1 p=1 j#j n=1 p=1j#j

®)

The average value of the inventory holding is calculated
by replacing the PSW terms in Eq. 6 with PSW term in
Table 1 of Ref. 10. Equation 5 eliminates many terms and
the resulting equations are

e X (1- x’ ) jlt] ‘[f]
Vilil =yl 4050wl e +Z Dy

K0

—ZD' +Zl —f g/mD[r _Zgij[f]Dl[f]/l[r]

‘%(1 —) Dl

_ me[r 14§l pliyd i
Z Zf 2
\Mo o ey (gl
+ZD1}?[’II]ti7[IT] ZZZTWD%H wl
m= n=1 p=1 j'#j
IN| 1P(n)] 1] IN| [P(n)] V\ N [
DD ITE 359 B AT
n=1 p=1 j#j n=1 p=1 j'#j
IN| 1P(n)] ]
> 3> il i (9)
n=1 p=1 j#j

where Vv’H, the difference between the initial material
inventory and the multiperiod material inventory, is computed
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by Vvl = yrld (i) = i1 (0). Equation 7 s
used to predict the storage size, Eq. 8 is used to implement the
no-depletion constraint, and Eq. 9 is used to calculate the
inventory holding cost.

Suppose that there exist currency storage units of the type
shown in Figure 4 of Ref. 10 that, through financial transac-
tions, operate on a supply chain consisting of the batch pro-
cess set /, transportation process set N, and material storage
unit set J, as depicted in Figure 1. Let O, with subscript o,
represent the set of stockholders. Corporate income tax is
usually proportional to the gross profit and, thus, without
loss of generality, is described as a payment to a fictitious
stockholder 0 € O. We ignore the effects of temporary finan-
cial investments, bank loans, sales tax, and labor costs,
which were treated in the previous study,4'5 19 for simplicity.
The currency flows (CF) entering the currency storage r are
as follows:

1. CFI: Collectron of accounts receivable after a collec-
tion drifting time Atfn (year) from the shipping of the fin-
ished product to consumer .

2. CF2: Currency transfer from currency storage ' to
currency storage r with exchange rate X"/"[T] (currency/cur-
rency).

The currency flows leaving the currency storage r are as
follows:

3. CF3: Disbursement of accounts payable after the dis-
bursement drifting time At’ i (year) for raw materials pur-
chase from supplier k.

4. CF4: Currency transfer from currency  storage 7 to
currency storage r’ with the exchange rate y"” M,

5. CF5: Purchase setup costs A"M (currency/transac-
tion).

6. CF6: Production process setup costs A
transaction).

7. CF7: Transportation process setup costs A,,p (cur-
rency/transaction).

8. CF8: Outgoing currency transfer setup costs A7
(currency/transaction).

9. CF9: Inventory operating costs /'l (currency/L/
year).

10. CF10: Dividends to stockholders, which include the
corporate income tax, paid i m currency r to the internal reve-
nue service (IRS) at a rate f” (currency/currency).

11. CF11: Customs duty payment proportronal to the ma-
terial flow rate from the material storage ;' to the material
storage j, at a rate nﬁlf, (currency/L).

12. CF12: Variable operating costs for production
processes, proportional to the material flow rate 7" (cur-
rency/L)

13. CF13: Annualized capital investment costs of pur-
chasing equipment proportional to equipment capacity aj
(currency/L/year)

14. CF14: Annualized capital investment costs of produc-
tion equipment proportional to equipment capacity @ (cur-
rency/L/year)

15. CF15: Annualized capital investment costs of trans-
portation equipment proportional to equipment capacity aj, d
(currency/L/year)

16. CF16: Annualized capital investment costs of mate-
rial storage proportional to equipment capacity 'l (cur-
rency/L/year)

(currency/
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The currency is transferred between currency storage
units, (CF2, CF4, and CF8). We denote the average currency
flow rate E"l7 (currency/year), currency transfer cycle time
", currency transfer startup time 71, from currency
storage ' to currency storage r, with the exchange rate
%", The SOTF for currency flow is set to zero without
loss of generality. The corresponding transfer setup costs
A (currency/transaction) are paid from currency storage
. We consider only the currency transfer between subsidia-
ries that results from material flows. For materials trans-
ported from storage /' € J(r') to storage j € J(r), with an av-
erage flow rate of S/, ‘fl)‘Dﬁl},T , the purchasing costs will
be transferred from the currency storage r € R(j) to the cur-
rency storage 1’ € R(j') based on the transfer price P“ 1,
where J(r) is the subset of material storage associated w1th
currency storage r, and R(j) is the subset of currency storage
associated with material storage j. The maximum currency
transfer rate between subsidiaries is

VI 1IN IP@)]
E7E =3NNS Py tpr (10)
J=1 j#i n=1 p=1

The actual currency transfer rate will be less than the esti-
mate described by Eq. 10 due to reversal of material flows
between subsidiaries. The equal quantities of currency that
flow between subsidiaries in the opposite direction mutually
counterbalance within a fixed time interval, for example, a
period /™). The actual currency transfer rate is

Er'r/ [ _ max{O, Xrl[r]Er,/ [ _ X;'/I[T]E,-I,-[.E] }Xlr[r] (11)

Note that the transfer price P it r=rj=7,
J&J(r), &¢I, ré&R(j)orr Q’/R(]’ Determination of
the transfer price is very important and nontrivial work for
MNCs. Transfer prices are related to the distribution of total
benefits between the subsidiaries®® and the minimization of
total taxes.”' In this study, we assume that the transfer price
is given.

In addition, we assume that the setup cost transactions of
CF5-CF8 and the inventory operating costs of CF9 are
paid on a pro rata basis as a function of the extent of ma-
terial processing or the volume of the financial transactions.
In other words, the currency flows associated with the
setup cost transactions and their material or currency flows
have the same cycle time, startup time, and SOTF, but dif-
ferent batch size. The currency flows associated with the
inventory operating costs are proportional to the inventory
level.

The average currency flow rate for customs duties on the
material moved from material storage j/ to material storage j,
transported by parcel p in transportation ?rocess n and pald
to the nation that uses currency r, is n%’ = D%,T, where nﬁlﬁ
(currency/L) is the customs duty rate. The variable operating
cost, which is the production process operating cost propor-
tional to the average material flow rate through the process,
can be treated in the same manner as the customs duty.
Annualized capital investment costs CF13—CF16 were not
treated as actual financial flows in previous studiesf"s’lO but
they are considered to be actual financial flows in the present
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study (the formulation results are the same.). Each currency
flow in the PSW model is represented by functions of the
batch size (or average flow rate), cycle time, startup time,
and SOTF in the same way as the material flows are repre-
sented (with appropriate super- or sub-scripts).

The most important assumption underlying the multiperiod
formulation is that /™ should be sufficiently greater than
all cycle times, and startup times, but it should take on the

lowest values satisfying V7 >> a)’ w wL], w’,‘,[f]7 o'l
t;c[f + Atﬁr],tlm + Att[f], and t,[,] + a)L]y Jy At” t"j[f],t’;,[,r]+
At’,.,[f] so that the expressions for the upper and lower bounds in
Table 1 or Figure 3 of Ref. 10 are satisfactory. Note that if

At;;m, ALY and ALY correspond to a month, then /7 is on
the order of a year. This restricts the usage of the multiperiod
planning model in this study to strategic or tactical planning in
a conservative sense.

Nonlinear Optimization Model

To obtain an analytical solution, it is necessary to assume
that stockholder dividends and corporate income taxes begin to
be paid at " = 0.'° The startup times of currency flows of
annualized capital investments are assumed to be zero, too. The
currency flows of stockholder dividends and annualized capital
investments are assumed to be continuous, and the SOTFs for
these currency flows are set to one. Invoking these assumptions
simplifies the currency flows of stockholder dividends and
annualized capital investments given in the following equation.
Table 1 lists the functional forms of CF1-CF16 obtained using
Egs. 1 and 2 with the defined variables and parameters. Define
€™ (0) as the initial currency inventory and C"'™ (1) as the cur-
rency inventory at time #, where 0 < < V7. Then, the cur-
rency inventory at time ¢ is calculated by adding the incoming
flows (CF1-CF2) to the initial currency inventory and subtract-
ing the outgoing flows (CF3—CF16):

] M)l | [KG)I .
() = ) + Z Z PIEIPSW (1 DI olfF 67 4 A ) = NN PIEIRSW (DT ol A7 4 A 1)
- j=1 k=1
Mo IKG) N o |11 /] o]
- Z Z PSW/(I;AJI: [T]a w;{[r]’ t;([r],x;([f]) - Z PSW,(I; A?[T]7wz[r 7tl[r ’xl[f Z " g / dt ZEr
= ke {pl ie{pl}"
N S i ‘ I
+ Z Xr r‘[T]PSW(I; E r[‘t]7 o r[t] , ¢ r[r]7 0) _ Z PSW(t, TE; [T]Dl[T]’ I[T]’ 4 l[T] Z PSW EN [1] W' [r] £ [1]7 0)
r'#r i r'r
I , M 1P
/ e [t / e 1 1] s [t
= Y PSW(rAT o o) - Y Z PSW'(1; Al wff 1l x[T)
refey e {oy oy
| VI IN| [P(n)] | 1KG)|
=200 > PSW( D ol A, ) Z 2 Do
J=1 j#j n=1 p=l1
Ul IN\ 7]

=3 &Pl

i=1

where {D{"} " =Lip( >0}, [} ={ipf >0, {p}"

E{(n,p)|D£fll>0}, and {E""‘[T]}+E{r7ér’|E""‘[T]>0} are the

Z bf’A[T]ﬁt Vr,t

J=1

Zan [ (12)

index sets with positive average flow rates. The average flow
rates of currency into and out of a currency storage unit satisfy
the following multiperiod currency inventory replenishment
equations:

0] || (M) 1 1K) | IKG) A”[T] 1 1KG)I
SR D WALEI B ILAL DY DIIALAT

o=1 =1 kE{D’[TJ} CUk

|7] Al I7] flni ] |7] ][] |R] Al IR| |R] . /] /]

ERDSACITIES DL D D R0 DAL B DECED S LR W T
I-E{D’[f]}Jr W; i=1 i=1 r!e{Eu’[r]} ' r#r
V] Z |A;1Ef IN| ‘ 7| 171 NI [P(n)| o
SR S SRS 90 3 9) SE AL ARNVAN(D
nE{D,,I, Wn n=1 j=1 j#j n=1 p=1
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el = g @l ol = I Vr, T (14)

where ¢V is the currency imbalance rate over a time period 7,
¢ > 0 is the multiperiod currency inventory level during the
time period 7, and V'l the difference between initial
currency inventory and the multiperiod currency inventory, is
Computed by Cr[r+1] + Vcr[r-H] — Cl[r](vt[r]) _ Cr[r+1](0).
Corporate income tax is computed based on the gross
profit after capital investment cost (or depreciation) charges,

(ETy = gld(¢rtd) +Z‘00:‘1EZ[T]), where E7 is the average
flow rate of the corporate income tax at a rate of M (cur-
rency/currency) paid in currency r. A nonprofitable subsidi-
ary would not pay corporate income tax, and hence, &' =0
for r € R(s) if Z;eR H < 0, where R(s) is the subset of
the currency storage owned by subsidiary s. A subsidiary of

VI IMG)|

Jj=1 m=1

] 1KG)I

ZZP” [ {0 5(1—

VKOG

3 A
k{D’,}

R|

[051-;&“

k r'#r

‘R‘ Ir|T ‘[I
Sy m{ t”,[;] =3 7l fos( el ] -

re{E } i=1

Dl ol D/[f](lJ + A" )},

+Z/I 05701 — 77 1]

an MNC in a nation pays corporate income taxes according
to that nation’s tax regulations. Therefore, accounting must
include the values of all materials moving into or out of the
subsidiary. The right-hand side of Eq. 13 includes two

Z‘R| Ezr’[f]
Note that Z‘r# . E) 'rlz] ZV;L] EH 7 Z![/:‘é; X) 'r[t] E" r[r]
_ Z‘R‘ Err 7]

- The terms 37, Y gDl S

ma Z‘N‘ Held, and Z}lef"[f]\/f[T] are the
annuahzed capltal investment costs or depreciations for the
processes and storage units.

The average level of the currency inventory (C’ 1) is cal-
culated by replacing the PSW(.) terms in Eq. 12 with
PSW(.) term in Table 1 of Ref. 10. Equation 13 simplifies
many terms and the resulting equation is

I3
currency transfer terms ZH rrl vl

ool -0 (11 )]

17| 1l
& o }
+ CO[I]
ie{D}

IR|

3 [o SE" gy

r#r

S ap
nE{DLTI,} pe{DI]}

'l _ gl pr m}

N

i
0.5(1 —af) — 22

VI N 1P

33

Z Z nJJrTD%T] [0 5(1 — /,[,T,],) ! t’[r} Vr,t  (15)

J=1j#j n=1 p=

To calculate the lower bound of the currency inventory
(LM), the negative PSW(.) terms in Eq. 12 are replaced
with PSW(.) terms and the positive terms in Eq. 12 are

VI M

j=1 m=

O = 4 minfo, 991} 4 v - Z i i (1 + a4 -

replaced with PSW(.) terms.'® The functional shape of
PSW(.) and PSW(.) is given in Table 1 of Ref. 10. Equation

13 simplifies many terms and the resulting equation is

g

[(1 Dl pi (tgﬂ N Ar’ﬁ)}

4 Il i [] ] VI IKG) " IR|
Zhh[?](‘/] ) t[f Z A 1_ ) l[] _Z Z Ajk (1_ _ Z/CrrrErir
J=1 ie{Df’ } i J=1 ke{D’m}} k '

IR| IR|

-y [Err’m W' g m} _

r'#r e { E'l }

V| |P(n)] . [1
rlt np
A np (1- np [r]

-2 X
nE{D,,,;} PE{D"I’}

Equation 15 is used to compute the opportunity cost of the cur-
rency inventory, and Eq. 16 should be nonnegative to ensure that

AIChE Journal October 2011 Vol. 57, No. 10

1]
A’r[f]( zr’[r) ZTE |:

“hofl ]

V1 INL |P(n)

ZZZ Z nf rlt] D” [ XILQ)“’;[;] Lﬂ Vr,t (16)

J=1 j#j n=1 p=1
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the currency storage is not depleted, because a shortage of currency
will incur severe additional costs or even bankruptcy. Therefore,

DOI 10.1002/aic 2829



Vil > min {V;[T}7 vj[H»l]} >0 a7 hol.ders e-xpre.ssed in.the numeraire currency (r = 1) over the
— entire finite time periods (t =0,1,2,...,7):

and 71 &I V]
Minimize TC = >  ATCIIv4l 7 I (19)
'l > min{ert, 1L > 0 (18) ; Zl ,Z
constitute constramts on the de31gn optlmization. Note  Where
that min {7, /11 = wld + min{0, WV} and min{c"7, WU

san) it + min{0, &MVl
Sup}i;)ose 'l (cur{rency/currer}lcy/year) is the rate of the ATCH = Z Myt ol +ZZ a V/”VJ
opﬂortumty cost for the currency inventory (interest rate), r=l = o
(currency/currency) is the discount rate for period t ~ - oa
used to compute the net present value, and "' (currency/L/ Z rifd] <c’ [ ZE;M) vt (20)
year) is the salvage value of the material j at the end of 070
period T. The objective function of the optimization is to Al — 0] rld
minimize the net present value of the opportunity costs of ~ and 7" =—= ( Zo;ﬁoE ) can be developed

(14p)"
currency/material inventories minus the dividend to stock- further using Eq. 13 and (Ef[ ]) _ [r( e 4 Z|O\ E )
* o

e . ] V1 IMG)] ] VI KOG ] [ VKOG Aj"[f]
+ZE =(1-¢& ZZP’ pllf — ¢t ZZP’ Dl )Z > w}
070 ke{D/[ }+
VI IKG)] R 4l o ol ] o EIRE
)ZZ“I ‘U] —(1-¢&M) Z I[r] _(1_5'[1])Zai D o, —(1—5'[11)2”:' D;
Ie{D[z]}‘r ; i=1 i=1
U 0 i B B —
— (1 ¢t Zh’ Wil — (1 ¢ Zw Wil — (1= gt) Y0 g (=) Yy e
wE{E#m}* r'#r
IR| N| Z . ‘Anp N VI VAN 1P
— (1 =&t ZErr’[r] — (1= &t Z ==l (1 gty Zan ot — (1 - ) ZZZ Z o ﬂ[fD%[] Vr, T
rIr pll wn J=1 j# n=1 p=
ne{ "ﬂ}
21

Equation 20 can be rewritten as

IRl 1 IKG)I il
7T s A rley ) piltl e ]y pirlt] ~ile
ATCH =33 2 7 ']{ ”)ﬁﬁl—é”)a&”iﬂ]a/kmr(l—g_H)P/kulyku]

r=1 j=1 k=1 k

[R] 1] ;[T]
+Zz~rl‘l:]|: ]) T] (176)[1) H ( ﬁr‘r]) T]D[T]

r=1 i

ol
[

LN S R NN N
+ZZ’( B r'/"[f]_ZZZX (1_C )ij D]m
=1 r%r =1 j=1 m=1
Rl 1] —
+ZZ 71 K _ oty +Vz~[r])vj[f] + (1 — &ty
r= 1]
[R| IR R IR|
+ Zf/rl[r rr]C, 7 4 ZZ =rlft ér[r Er'l ZZ =F1[x f’ [r) ' [1] Er'ld
r=1 r'#r r=1 r'#r
|R|  |N]| e " Zp:l A;pf ]\’l 1 |P(n) o ] | VI IP) py
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(22)
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The independent variables are selected to be the Cycle

ISR [t]

times (a) ;' and o™ 1), start- -up times (th , l ,tn,,7

and 7"l W), and average material/currency flow rates (D’ ,

D,[-r] ,D’Z;[T], and EZ[T]). Note that the startup time tj»m), ‘t,[,;],, and
7]

t/Lrp] are converted into‘tlm and‘t,[,
The objective function in Eq. 22 is convex, and the con-

by Eqgs. 3 and 4, respectively.

straints Eqs. 17 and 18 are linear with respect to wQT],
[1] ['5]760”"[1]’ tl[T] [T tn , and trr’[r] if DZ[TLDI[T] 7D/g;[fl7
and EOH are consrdered to be parameters. However, the con-

vexity with respect to D) [l DT] D” . and E)¥ is not clear.
The solutions to the Kuhn Tucker conditions, with respect to
‘U/A“ w[r] w” @, lﬁy[r]ff,[-r];fr[zﬂ, and #7179,
D;{H,D,U,fopm, and E7 are considered to be parameters.
The first-level problem entails

P1: Minimizing the objective function in Eqs. 19 and 22,
under the constraints given in Eqgs. 8, 9 and 15-18 with

respect to the design variables cu’ NOX g wm ROLACN ti[fl,

AT and 71,

1?7

The problem can then be solved with respect to
D;{M , DI[-T] ,Df,’,/,[f], and E.”. Although the problem is thereby bro-
ken down into a two-level parametric optimization problem,
the Kuhn-Tucker conditions for both the original and the two-
level problem are the same if the constraints are reduced to
equalities.3 In other words, the Kuhn-Tucker conditions for the
first-level problem produce an explicit analytical solution, and
the original problem can be reduced to the second-level prob-
lem by eliminating the design variables in the first-level prob-
lem. The first-level problem within the two-level problem
includes a convex objective function with linear inequality con-
straints, and the second-level problem includes a nonconvex
objective function with nonlinear equality constraints. The two-
level parametric approach yields a global optimum inasmuch
as the second-level problem converges to its global optimum.

are obtained when

Solution to the Kuhn-Tucker Conditions

The solution to the Kuhn-Tucker conditions for the first-
level o tlmlzatlon problem (P1) with fixed values of
Di , D’,,’pr, and E'D[T], is obtained by means of the alge-
braic mampulatlons summarized in Supporting Information
Appendix A posted in http://myweb.pknu.ac.kr/gbyi/. The
optimal cycle times are

*
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'ur[r] Arr'lel

* [t [ -7
“ Er'[dhgrr'T] v (20)
where
'u,.[f] = (1 _ 8[1]) (1 _ O.SnrMVt[TU Vr,t 27
(4 A pirle] il
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+(1-21) "

P 3 Vn,r,j,j,t (31)

) rkEN /
yr'ld — 5 ((; T ])nr [f]X”' [ n"m> vrorlt o (32)

Because the values of the multipliers are positive, Sup-
porting Informatlon Eq. Al0 gives VI — [V’M—i-
mm{o ViAIvdd =0  and ¢ — [ +min{0, ¢
Vi1}] = 0. Equations 8 and 16 yield the following expres-
sions:

K _ 17l

ZDQT]I]M Z (g/[T fJ[T)D
k=1 i=1
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20> (D - i) =
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m=1 =1 i=1
|7]
_ NP (4l
> (1=l (fo)
Nl VL 1P
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R| IR| 1 1MG)|

Z Xr’r[r]Er’r[r] tr’r[r] + Z |:<*wrr’[r])Err’[r] _ Err’ [1] trr’ 7 _ (*‘j;j;[i])} _ VC’A[T] Z Z Pj’"[T]Dir[,T] (t;[f] + Afgf])
r'#r r'#r
|7] [T] Vo kG ) t/[ 7]
Z ArT] 1 —x )7 72 Z Ajkr[t] (1 o [T]
ol (o)) 7 ory

S [ o St - [w(*
|71 KG)| N . . . . IR| IN| |P(n)| ‘t,[f]
=YY Ao - () — - adt - 3 A Y z:Aw[( ) =
J=1 k=1 r’E{E""'[f]} nE{D,,p} pe{Dp} ( Wn )
[ IN| |P(n)]

=Yty (k) — T —ag] e (34)

np n np
Jj=1 j#j n=1 p=1

where
IKO)I 7] M)l 7]
— . 1= /. e 1— )
VI =i 4 05907 1 % D (“ol) + % DIl
k=1 m=1
I (1 _x/[f]) ) o sy
I CINCYOG (L =7) i plel (4l
P s”fD'(w»)nl 3 Aol (o)
IN| P(n)] (1—x \J\ IN| 1P(n)] (1- /]
DI IS WAICTIES 9 3t S SECIC) RVRNES
n=1 p=1 J#i n=1 p=1 J#i
Equation 35 is derived from Eqs. 9 and 33. Equations 7 =2+l — [v’m + min{O7 \E’HVIMH. The optimal average
and 33 indicate that the optimal material storage size is *V/l7 level of currency storage, calculated using Eqgs. 15 and 34, is
- V1 1MG)] o V1 IKG)]
O = ¢ 05TV £35S 0.5PE DI (1 - Z Z Z 0.5P i1 — )(*w’ )
j=1 m=1
1 VKO N ) L/
3 oosa w43 Z 0.54,(1 — 1) +0.53 " w D1 ) (*w,[’])
ie{l"}" = e{pfy i=1
i [ [ [ { [y }H ] % [( H) 7l
+ h]}l’ *V, +m1n Ov] vtl' _'_ 057)7‘[ * )]'[ Erl’l'
/#’
\R\ IR| N |P(n)]

+Y 05 (*w”"m)E""’[fl Y s Y ST osali(n )
r'#r r’e{E""'[f]}+ ne{D[{}+ E{D[T]}
W N PG

053505 S Dl - (k) e 36

J=1j# n=1 p=1

_Thus, the optimal currency storage size is mal value of the objective function, calculated from Eqgs.
*Crld = 2°C'ld — [ + min{0, ¢V }]. Then, the opti-  23-36, is
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The second-level optimization problem entails

P2: Minimizing the objective function in Eqs. 19 and 37,
under the constraints given in Egs. 5, 14, and 21 with
respect to the design variables Dj} Tl DT] Dl,’p[ L e
vl and o7,

The second-level problem should be solved first to obtain
the optimal values for the average flow rates of the materials
and currencies. Then, using Eqs. 23-32, the optimal values
for the cycle times and process capacities can be calculated.
The optimal capacity of the material storage units is calcu-
lated using *Vild = 2*Vild — [/ + min{0,/IVA7}] and
Eq. 35. Finally, the startup times of the material and cur-
rency flows are calculated using Eqs. 33 and 34 under the
condition of minimizing V1/ 7 and V¢'l9. Positive values of
Vvl and V'l should be supplied from the third parties,
which cause additional costs.

The main difference between the optlmal solutions to the
single-period model with infinite horizon®'® and the multi-
period model with finite horizon is the presence of the terms
that include Vt[ﬂ in Egs. 27 and 28. The terms that include
i originate from the opportu nity cost associated with the
currency inventory Y. 7!dyCrld in Eq. 20. Note that
v is a model pardmeter and not a system parameter.
Optimal lot-sizes decrease and optimal cost increases as
V1 increases, although these changes are small, as can be
seen at Figure 5. This demonstrates that the modeler’s per-
spective of the system can influence the optimal solution.
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7 T]#’[TPII[T]DIH Vo (37)

—_

r=1 j=1 m=

The solutions for the single-period model correspond to the
case in which V7 = 0.

Multiperiod Planning Model

The second-level optimization problem constitutes a multi-
period planning model. We introduce a set of constraints in
addition to Egs. 5, 14, and 21. The capacities of the proc-
esses have both lower and upper limits. For example, the
lower  limit  for  the  production process i
BH D[T] [T] H , and Eq. 24 gives

(Z\Rl :r'l[flql{'[f])
(Z\R\ il rle I[T])

Vi, T (38)

The upper limit for the transportation process n, B,[f] =

(ZV\ EJ‘JJ&]Z‘P \DIJ T])

< B,[l], and Eq. 25 gives

=1 j# p=

VI 1P()]

IR| 7]
<7 (Z/rl ZZZT::,;M;M) e (1)

j=1 J#i p
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Figure 5. Effect of time period interval.

[Color figure can be viewed in the online issue, which is
available at wileyonlinelibrary.com.]

_The material storage capacities can be limited, that is,
*VJ’H<VJ ) Eqs 24—26 and 35, and *Vill = 2*Vill—
[l +m1n{0v’ Vi}] give

V/

max —

kG (Z e rld A1) ple
)

> max{v’m g }

+3 (1) :
R N P

1] Z‘Rj ~rl[ﬂc]
+Z[(l =gl + (=07 ( (S, 7w )
VP01 — ) 1 NP 11 )

+2 ) D (Cell) + 35

n=1 p=1 T n=1 p=1
L M)

xZDgpM( ) 2(1 — DDl i (40)
J#i

Note that D) (wy)) and DI (*w)), where “o) is

given by Eq. 25, are nonseparable A subset of the inequal-
ities defined in Eq. 40, which is computationally easy to
apply as well as sufficient for solving the problem, is
achieved by replacing D’,,f,r]( w,, ) and D{{;,[T] (*w,[f]) with the
separable upper bounds

(Z\RI Al Z\P iy T])DIJ

(Zl.'i‘l Zfl[fl\y%lr])

np

mm( H)<

and
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(Z;‘R:ll Fri] 'ur[f] Z ‘P_(’ll)‘ A;Lr] ) D];'{p[r]

(ZlRl rl| r]l}lgp’[ ])

Py (er) <

C equalities in the upper oundas o Wy an
Th (} li he upper bounds of Dji”(*ol) and

) hold when the transportation process n carries a
s1ngle materlal in a single parcel. Note that the square root terms
in Eq. 40 are similar to the square root terms in the objective
function Eq. 37, and they only differ in their coefficients.
Therefore, the optimal solution, in the absence of the constraint
given by Eq. 40, also tends to reduce the maximum inventory
levels on the right side of the inequality in Eq. 40.

The second-level optimization problem is a nonconvex
mixed integer nonlinear programming formulation with sepa-
rable concave terms (square roots) in the objective function
given in Eq. 37 and in the constraints given in Egs. 21, 39,
and 40, and with nonseparable terms in the constraints given
in Eqs. 21 and 40, DI o). AT, A Alld and A0
should be zero if their corresponding average flow rates
approach zero at the optimum conditions. To address this
issue, the objective function in Eq. 37 should include binary
variables that exclude the setup costs, the average flow rates
of which approach Zero. For example,
ElRE‘ {E”,h} 7l = erlil A1z where the binary vari-
able 2”7 =1 if B[ >0 and 2”7 =0 otherwise. Note
that max {1, vI*11} and min {7, /+11} are replaced with
the  linear max { W7 W >/ and
min {7, w1 <yl respectively. Equation 11 is refor-
mulated as follows.

constraints

T

_ XHI[T]W < /{rl [7] (bigM)Z;-r’ [7]

_ yr’l[r]E,J,.[T] > _Xr’l[f] (blgM) (1 _ er’[f])

y" 1[¢] Er

=

BT — g = riE ' 6 gl

Err’[r] < (blgM)Z”- 7]
er’[r] + Zr’r[r] -1

Note that the mathematical structure of the multiperiod
planning model should be relatively easy to compute because
the model commonly has a huge number of equations and
variables. Because there is no easy way to deal with the non-
separable terms in an equality constralnt we remove the
nonseparable term in Eq. 21, Z‘N‘ ]D[ ]wL], which repre-
sents annualized capital investment cost for transportation
processes. All terms in the modified multiperiod planning
model are linear or nonlinear but separable. Separable terms
can be linearized using separable programming techniques,®
and, therefore, the model falls in the category of mixed inte-
ger linear programs. The unique feature of the multiperiod
planning model is the square roots of the average flow rates
in the objective function. This objective function originated
from the setup and inventory holding costs of the materials
and currencies, which depend on the operation frequency.
These square root terms increase the model accuracy but
also increase the computational burden. The square root
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Figure 6. Example supply chain layout of multinational corporation.

[Color figure can be viewed in the online issue, which is available at wileyonlinelibrary.com.]

terms can be approximated by a piecewise linear function
composed of at least 5 segments of straight lines that yield a
deviation of 1 %. Therefore, one square root term produces at
least 5 Specially Ordered Sets type 2 (SOS2) variables* and 2
equations. The multiperiod planning model usually has many
square root terms and the increase in model size is substantial.
The following section will explain how to solve a multiperiod
planning model characterized by a real size problem.

Discussion of the Computational Results

Figure 6 illustrates an example production inventory and
distribution system that this study was designed to handle.
This example is composed of 18 plants (rounded rectangles),
14 materials (circles), and 12 production processes (squares).
The first three plants possess production batch processes i1—
i12 and material storage units jl—j42. The other plants
include only material storage units j43—j252. Plant p4-p9
correspond to distribution centers, and the other plants corre-
spond to terminals. The system purchases four raw materials
and manufactures all other 10 materials at plants p1—p3 (pro-
duction plants). The materials are then transported to all
other plants. We assume that there are no transportation
deliveries from plants p4—p18 (distribution centers and termi-
nals) to plants pl-p3 (production plants) and no multiprod-
uct deliveries from plants p1-p9 (production plants and dis-
tribution centers) to pl0—pl18 (terminals). The number of
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possible transportation routes is 24 for a multiproduct deliv-
ery and 1112 for a single product delivery. The supply chain
network is owned by six subsidiaries r1-r6, as indicated by
the dotted lines in Figure 6. Two horizontally curved dotted
lines represent the borders between nations, and there are
three nations. Each nation has two subsidiaries: the first
nation has r1/r2, the second nation has r3/r4, and the third
nation has r5/r6. Each nation uses a single currency, and
each subsidiary uses the currency claimed by its nation.
Therefore, »'2l1 = [ = %l = 1. The currency of the
first nation is numeraire. We assume that there is no arbi-
trage in the currency exchange, that is, 5[0 = %M In real-
ity, X"”[T] #* %M, for example, the purchase prlfée of 1 US
dollar in Kofea is 1179 Won/$, and the selling price of 1 US
dollar in Korea is 1135 Won/$ (3.7% deviation). The cur-
rency exchange rates are set to y'?l7 = 43514 = 10. The cor-
porate income taxes are set to el = 21 = 0,35,
&l = & = 0.28, and &7 = &9 = 0.07. The interest rates
are set to n'll =421 =001, 7 =y"=005 and
,75[r] = 176[1] = 0.11. We assume that all SOTFs are zero for
convenience. The time period interval /7™ is set to 1 year.
We would like to optimize the sizes for production/transpor-
tation processes and material storage, and optimize the mul-
tiperiod material/currency inventories and average material/
currency flow rates through the routes.

The multiperiod planning model to determine the average
material/currency flow rates and the multiperiod material/
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Figure 7. CPU time with respect to number of periods.

currency inventories can be formulated as an MINLP with
(P2) and additional constraints given in Eqgs. 38—40. This
MINLP model has 1175 binary variables, 3576 continuous
variables, and 3429 equations with 336 nonseparable terms
per each time period. No commercialized global optimizer
exist that can solve a problem with large binary numbers in
MINLP. GAMS/DICOPT 2x-c can calculate a local optimum
point very quickly only if a suitable initial guess is given.

We select separable programming technique for nonsepar-
able function” as is summarized in Supporting Information
Appendix B posted in http://myweb.pknu.ac.kr/gbyi/. This
technique transforms nonseparable MINLP to large-scale
MILP and thus we can take the advantage of powerful MILP
commercial solvers. MILP also gives a near global optimum
as far as branch and bound procedure is fully developed.
Separable programming technique is based on the fact that
any nonlinear function can be approximated by sufficient
number of pieces of linear functions. Our problem has non-
separable terms of the type 2-. To achieve for the function
evaluation error produced by the linearization procedure to
be less than 1%, we divide the x and y of the nonseparable
terms into 60 equidistant grid points. The resulting MILP
model has 1175 binary variables, 1,326,108 continuous vari-
ables (1550 SOS2 sets), and 49,062 equations per each time
period. The MILP model is solved by GAMS/CPLEX
12.2.0, calculated using an Intel(R) Core(TM)2 Quad CPU
Q9500 @2.83 GHz with 8 GB RAM. The optimality gap is
set to 4% because the first feasible solution is obtained
within 4% gap. The solution to the MILP model is a near
global optimum but still distant from a global optimum
because of loose optimality gap. Tightening optimality gap
is very costly and instead, we inputted the solution to the
MILP model as an initial guess of MINLP model by using
GAMS/DICOPT 2x-c. It took 23.2 min for one period model

Figure 8. Optimized supply chain network of the example.

[Color figure can be viewed in the online issue, which is available at wileyonlinelibrary.com.]
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Figure 9. Optimized supply chain network of the example without corporate income taxes.
[Color figure can be viewed in the online issue, which is available at wileyonlinelibrary.com.]

and 123.8 min for two period model. We could not obtain the
solution for three period model by using equidistant grid points
because memory requirement exceeded 8 GB. Model size can
be reduced by using nonequidistant grid points. Ly becomes
very stiff as y approaches to zero. We position more grid points
where the function becomes stiff in such a way that the interval
between grid points increases linearly as y increases. Then, we
can reduce the grid points of x and y by 25 and 50 and thus the
number of continuous variables is reduced to 64% and the
number of equations is reduced to 31% without sacrificing the
function evaluation error. Figure 7 shows the computation
times for solutions to the MILP model named ‘‘Nonseparable”
over the time periods 1-3. If we cannot remove the annualized
caﬁ)ital investment cost for transportation processes in Eq. 21,
SM gD o, we have to stick to this “Nonseparable”
model in spite of heavy computational burden. If we can
remove this nonseparable term in equality constraint, we can
develop a more efficient model named ““Separable.”

The nonseparable terms in Eq. 40 are replaced with separa-
ble upper bound terms, and separable terms (square roots) are
linearized by introducing SOS2 variables with 5 equal inter-
vals. The function evaluation error produced by the lineariza-
tion procedure is less than 0.5%, and the error introduced by
Eq. 40, in replacing nonseparable terms with separable terms,
is less than 16%. The linearized MILP model includes 1175
binary variables, 14,258 continuous variables (1526 SOS2
sets), and 7992 equations per time period. The feasible zone
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of the MILP model encompasses a subset of the feasible zone
of the MINLP model because the nonseparable terms in the in-
equality constraint given in Eq. 40 are replaced with their upper
bounds. Obviously, a solution exists that is better than the opti-
mal solution to the MILP model. It is a good strategy to use the
optimal solution to the MILP model as an initial guess for the
MINLP model when using GAMS/DICOPT 2x-c. Additional
computational time for the MINLP model was less than 4 min.
The solution to the MINLP model improved the solution to the
MILP model about 1.1%. Figure 7 shows the computation
times for solutions to the MILP + MINLP model named “Sep-
arable” over the time periods 1-10. The optimality gap is set to
4% because the first feasible solution is obtained within 4%
gap. Reducing optimality gap to 3% consumes about 17 times
more CPU time but the objective value of the MILP + MINLP
is reduced by only 0.05%. The optimal solutions computed
with the “Separable” model are only 0.5% higher than those
computed with the “Nonseparable” model. This shows that the
multiperiod planning model based on BSN developed in this
study can be applied toward a real size problem. Recent work
introduces a branch-and-refine algorithm for the rigorous global
optimization of MINLP with square root terms.>

Figure 8 shows an optimized supply chain network with a
single finite period solution result. Ten multiproduct trans-
portation routes are selected from 24 candidate routes.
Thirty-six single product transportation routes are selected
from 1112 candidate routes. Bold lines represent
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multiproduct delivery, and thin lines represent single product
delivery. Figure 9 shows the case in which no corporate
income taxes were required to be paid. The dotted lines rep-
resent newly added routes. Eighteen of the 46 routes in Fig-
ure 8 are replaced. Eleven of the 46 routes in Figure 8 are
replaced in the case in which no interest rates were required
to be paid. Fourteen of the 46 routes in Figure 8 are replaced
in the case in which '3[ = 47 = 8 (20% reduction). The
fact that 20-40% of the transportation routes changed reveals
that financial factors, such as corporate income taxes, interest
rates, and exchange rates, must not be ignored during supply
chain optimization.

Conclusions

A multiperiod planning model based on a BSN was devel-
oped and tested using a real size problem. The multiperiod
planning model based on a BSN has many advantages over
existing planning models: it can easily account for the opera-
tion frequency dependent costs in separable square root terms;
it provides optimal operation frequencies with no additional
computational requirement; it can be easily applied to MNCs
in which international financial factors, such as exchange
rates, taxes, and interest rates, are important; and it easily
incorporates uncertainties.””® However, it also has some disad-
vantages relative to existing models. Because the time period
intervals must be much larger than the operation cycle times
and any other timing parameters, the timescale on which this
multiperiod planning model, based on a BSN, can be applied
are restricted to strategic or tactical planning timescales. This
may be corrected by introducing different time frames in the
time period and is left as an element of future work.

In this study, we introduced transportation processes into
the BSN that carry multiple products at once. Transportation
processes that carry multiple products generate cost data that
cannot be separated product by product. Such cost data
requires special treatment during modeling.

One of the great advantages of the BSN arises from the
fact that the optimal solution to the BSN system takes the
form of a set of analytical lot-sizing equations. The lot-siz-
ing equations derived from multiperiod formulations with fi-
nite horizon are different from those of single-period formu-
lations with infinite horizon. The difference between single-
period and multiperiod solutions rests in the inclusion of a
time period interval in the solution. The time period intervals
should be chosen so that variations in the system parameters
are negligible within a time period. The time period interval
is a modeling parameter that the designer can choose subjec-
tively. The fact that a modeling parameter is involved in the
optimal solution indicates that the model designer’s personal
experience is important for achieving the best performance.

We derived equations with nonseparable terms that com-
pute the currency flows. We also solved the planning model
with nonseparable terms. A special separable programming
technique for nonseparable functions is applied to obtain the
global optimum of the nonconvex MINLP. The performance
was limited but very promising in the future. The nonsepar-
able terms in inequality constraints are replaced with separa-
ble upper bound terms. This simplified planning model
showed good computational performance although its appli-
cation is restricted to the case that the annualized capital
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investment cost for transportation processes is not the major
concern.
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Notations

Subscript
i = production process index
k = index of raw material vendors
n = index of transportation process
o = index of stockholders
p = index of parcels
0 = index of corporate income tax

Superscript

J = storage index
r = index of currency in subsidiary
[t] = time period index, 0 <t <T

a,; = annualized capital cost of raw material purchasing facility,
) currency/L/year, parameter
al-m = annualized capital cost of production process i paid by

currency 7, currency/L/year, parameter
@'l = annualized capital cost of transportation process n paid by
currency r, currency/L/year, parameter
p'l1 = annualized capital cost of storage facility j paid by
) currency 7, currency/L/year, parameter
A‘gm = setup cost of feedstock materials, currency/batch, parameter
A-'[T] = setup cost of noncontinuous units, currency/batch,
parameter
A;gf] = setup cost of parcel p in transportation process n, currency/
batch, parameter
A"l = setup cost of currency transfer, currency/transaction,
parameter
bigM = some large number, parameter
= raw material order size, L/batch, variable
= production process batch size, L/batch, variable

B_ = maximum of B,[-T], L/batch, parameter
B/tf] = final product delivery size, L/batch, parameter
Bl = transportation process batch size, L/batch, variable

BM = maximum of B,[f], L/batch, parameter
wp = batch size of parcel p in transportation process n, L/batch,
variable
¢! = multiperiod currency level at time period 7, currency,
decision variable
¢ = currency imbalance rate at time period 7, currency/year,
variable
ve'ld = = ¢l (0) — ¢l L, variable
¢ (0) = initial cash inventory of currency r, L, variable
C'" (1) = cash inventory of currency r at present time ¢, L, variable

C'ldl = average level of currency inventory, L, variable
C'ld = upper level of currency inventory, L, variable
C'l1 = lower level of currency inventory, L, variable

Dém = average material flow of raw material supply, L/year,
.4  decision variable )
{D’,{[T]} = The set of index k that has positive value of D/,[T], variable

D{;[f] = average material flow of customer demand, L/year,
parameter

p = average material flow through noncontinuous units, L/year,

decision variable

{D[T] = the set of index i that has positive value of D[

;' variable

Dﬂ,,m = average material flow rate from storage j to storage j via
parcel p in transportation process n, L/year, decision
variable
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l‘; [1]
tn" [
A()
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= average level of the second type of periodic square

the set of index n or p that has positive value of D{{'[’],
variable

average currency flow rate of dividend to stockholders o,
currency/year, decision variable

average currency flow rate of corporate income tax,
currency/year, variable

average currency flow rate of currency transfer from r to
/, currency/year, variable

= ZI‘QI E‘/{;/ S P}',']'./[T]D’,';f[’], currency/year, variable

The set of index r,r’ that has positive value of E”"[’],
variable
periodic square wave flow, L/year, variable

feedstock composition of production unit i, parameter
product yield of production unit i, parameter

annual inventory operating cost, currency/L/year, parameter
= p'l1 4 [ annual inventory holding cost, currency/L/
year, parameter

batch production process set, parameter

batch production process subset owned by the subsidiary
that uses currency r, parameter

material storage set, parameter

material storage subset owned by the subsidiary that uses
currency r, parameter

raw material supplier set for storage j, parameter

consumer set for storage j, parameter

parcel set for transportation process n, parameter

price of raw material j from supplier & paid by currency r,
currency/L, parameter

sales price of finished products to customer m paid by
currency r, currency/L, parameter

transfer price represented by currency r and transferred
from currency storage r € R(j) to currency storage
" €R(j) for the material transported from storage

J € J(r) to storage j € J(r), currency/L, parameter

the first type of periodic square wave function defined by
Eq. 1, variable

the second type of periodic square wave function defined
by Eq. 2, variable

average level of the first type of periodic square wave
function defined in Table 1 of Ref. 10, variable

wave
function defined in Table 1 of Ref. 10, variable
upper bound of the first type of periodic square
function defined in Table 1 of Ref. 10, variable
upper bound of the second type of periodic square
function defined in Table 1 of Ref. 10, variable
lower bound of the first type of periodic square
function defined in Table 1 of Ref. 10, variable
lower bound of the second type of periodic square
function defined in Table 1 of Ref. 10, variable
currency set, parameter

startup time of customer demand, year, parameter

wave
wave
wave

wave

startup time of feedstock feeding to batch production
process i, year, decision variable

startup time of product discharging from batch production
process i, year, variable

startup time of raw material purchasing, year, decision
variable

startup time of loading of transportation process n, year,
decision variable

startup time of unloading of transportation process n, year,
variable

startup time of loading of parcel p in transportation process
n, year, variable

startup time of unloading of parcel p in transportation
process n, year, variable

startup time of dividend to stockholders, year, parameter

startup time of currency transfer, year, decision variable

= the time lag of batch production process i defined by Eq.

3, year, variable
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Al
Ad,
At[f,l

vt[TJ
Viax

yilt
yilil

V/[T] 0)
VI (0)

= disbursement drifting time of account payables, year,
parameter

= collection drifting time of account receivables,
parameter

= the time lag of parcel p in transportation process n defined
by Eq. 4, year, parameter

= the length of time period 7, year, parameter

= maximum material inventory limit, L, parameter

= upper bound of material inventory hold-up, L, variable
= lower bound of material inventory hold-up, L, variable

= material inventory hold-up, L, variable,
= initial material inventory hold-up, L, parameter

= time averaged material inventory hold-up, L, variable

Sl
ZI-‘ g
Z;[f]

o'l

= multiperiod material inventory at time period 7, L, decision
variable

= material imbalance at time period 7, L, variable

==yh (0) — vl L, variable

= storage operation time fraction of
materials, parameter

= storage operation time fraction of feeding to batch
production process i, parameter

= storage operation time fraction of discharging from batch
production process i, parameter

= storage operation time fraction of customer demand,
parameter

= storage operation time fraction of loading to transportation
process n, parameter

= storage operation time fraction of wunloading from
transportation process 1, parameter

= defined by Eq. 4, parameter

purchasing

p = defined by Eq. 4, parameter

1if D’;M > 0, = 0 otherwise, variable
1if DIl > 0, = 0 otherwise, variable

L if D' > 0, = 0 otherwise, variable

= binary variable, =
= binary variable, =
= binary variable, =

= binary variable, = 1 if E7l > 0, = 0 otherwise, variable

Greek letters

Published on behalf of the AIChE

= corporate income tax rate paid by currency r, currency/
currency, parameter
= foreign currency exchange rate from r to //, currency r//
currency r, parameter
= foreign currency exchange rate from r to 1, numeraire
currency/currency r, parameter

il
= (1/+T]) parameter
= opportunity cost of inventory holding paid by currency r,

currency/L/year, parameter
= opportunity cost of currency holding paid by currency r,

currency/currency/year, parameter
== (1 - f"[f]> (1- 0.511"[1]Vtm), parameter

1 T A ) )i N o
(!1+ + wldprld | parameter

= customs duty rate of the material moved from storage j to
storage j by transportation process n, paid by currency r,
currency/L, parameter

= operating cost rate of batch production process i, paid by
currency r, currency/L, parameter

= discount rate because of inflation for currency r, currency/
currency, parameter

= cycle time of customer demand, year, parameter

= cycle time of raw material purchasing, year, decision
variable
= cycle time of batch production process i, year, decision
variable
= cycle time of transportation process n, year, decision
variable
= cycle time of currency transfer from r to //, year, decision
variable
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‘P;[T] = aggregated cost for production process i defined by Eq. 30,
) currency/L/year, parameter

W — aggregated cost for raw material purchase defined by Eq.
29, currency/L/year, parameter

W1 = aggregated cost for currency transfer from currency storage
r to currency storage r defined by Eq. 32, currency/
currency/year, parameter

‘P{{,"M = aggregated cost for transportation process n to move from

storage j to storage j paid by currency r, defined by Eq.

31, currency/L/year, parameter

Special functions

int[.] = truncation function to make integer
res[.] = positive residual function to be truncated
|X| = number of elements in set X
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